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an effect on frequency or intensity of praises and punishments. See Figure 4 and
Figure 5 for frequencies and intensities of praises and punishments.

Post-hoc t-tests with Bonferroni corrected alpha showed that the PKD android
was praised more intense than the computer (t(11)=2.412, p=.034) and the hu-
man (t(11)=2.158, p=.054) in the high error condition. AIBO was praised more
intensely than the computer in the high error condition (t(11)=2.524, p=.028).
AIBO was punished less frequently than the computer (t(11)=2.721, p=.020) and
the human (t(11)=2.345, p=.039) in the low error condition.

Self-evaluation of praise and punishment behavior

Participants were asked to evaluate their praise and punishment behavior after
each partner. For the analysis, the real frequency and intensity of praises and pun-
ishments was subtracted from the estimated values. For the resulting numbers that
means that zero is a correct estimation, a negative value is an underestimation and
a positive value is an overestimation of the real behavior.

Results show that subjects overestimated the frequency of punishments for
low error rates. They underestimated the number of punishments for high error
rates. The effect of error rate was significant (F(1,11)=8.867, p=.013). Partner did
not have an effect (F(4, 44)=.876, p=.486).
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Figure 6. Perceived frequency of praise and punishment.
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Figure 7. Perceived intensity of praise and punishment.

The frequency of praises was slightly underestimated for high error rates, and
underestimation was greater for low error rates (F(1, 11)=16.411, p=.002). There
was no effect of partner (F(4,44)=1.377, p=.257). The intensity of praises and
punishments was accurately judged, no effect of partner or error rate was found.
See Figure 6 and Figure 7 for estimations of praise and punishment frequency and
intensity.

Evaluation of partner performance and subjects own performance

Participants were asked to guess how many errors they and the partner had made.
For the analysis, the real number of errors was subtracted from the estimated val-
ues. For the resulting numbers that means that zero would be a correct estimation,
a negative value is an underestimation and a positive value is an overestimation of
the real error rate,

The number of partner errors is slightly overestimated for low error rate,
and underestimated for high error rate. The effect of error rate is significant
(F(1,11)=243.527, p<.001). No effect of partner was found (F(4,44)=.921,
p=.461). Subjects slightly overestimated their own errors. As can be expected,
partner and partner’s error rate did not have an effect.
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Satisfaction with partner and own performance

There was no significant difference in satistaction ratings, but there was a trend
for partner (F(4,44)=2.033, p=.106). Post hoc t-tests with Bonferroni corrected
alpha show with close to statistical significance that the human’s performance was
perceived to be less satisfying than the robots performance (Tron-X: t(11)=2.159,
p=.054; PKD: t(11)=2.171, p=.053, AIBO: t(11)=3.023, p=.012) but it was not
different from the satisfaction rating for the computer (t(11)=1.173, p=.266).
Subjects expected the human partner to know the correct answer because the task
was rather simple for humans, so if they got an answer wrong this was worse than
when a robot made an error.

Ascould be expected for the rather simple task that was used in the experiment,
subjects were very satisfied with their own performance (M= 1.63, 5D =0.667), in-
dependent of the partner they played with (F(4,44) = 1.551, p=.204).

Human-likeness and likeability ratings

Both humanoids that were used as partners in the experiment (Tron-X and PKD)
had to be rated on a 6 point human-likeness scale after the experiment. The ro-
bots were rated significantly different on human-likeness (t(11)=10.557, p <.001).
PKD was perceived as very human-like (M =5.96, 5D =0.289), Tron-X was rated
3.50 (5§D =0.905) on the 6-point scale.

All three robots used in the experiment (Tron-X, PKD, AIBO) had to be rat-
ed on a 6-point likeability scale after the experiment. One subject did not do the
likeability rating, so there were 11 subjects evaluating likeability. Likeability rat-
ings were significantly different for the robots (F(2,20)=4.837, p=.019). AIBO
was rated the most likeable (M =2.18, SD=1.168), Tron-X was disliked the most
(M=3.64, 5D=0.809). A post-hoc t-test with Bonferroni corrected alpha showed
that AIBO was significantly more likeable than Tron-X (t(10)=3.975, p=.003),
and a trend for AIBO to be more likeable than PKD (1(10)=1.747, p=.111). Tron-
X and PKD were not significantly different on the likeability scale (t(10)=.841,
p=.420).

[n the distribution of likeability ratings it is noticeable that PKD received more
heterogeneous ratings than Tron-X and AIBO — some subjects liked PKD very
much, some disliked him very much. Because of the small sample size we cannot
make a conclusive statement, but we take this uncertainty in the judgment of like-
ability as an indicator for a possible effect of the Uncanny Valley.
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Believability

Ten participants believed that the task was feasible for the robots. Only one person
believed that he had played with a real robot, and two were not sure.

First study conclusions

The limited number of participants in the first study makes it difficult to draw defi-
nite conclusions, but at least some initial directions can be indicated. The limited
data leads us to believe that it supports the theory of computers being treated as so-
cial actors, as it has been predicted by the Media Equation (Nass & Reeves, 1996).
Human and computer partners were praised and punished the same way. Also,
robots were punished for making errors and thus compromising the team’s perfor-
mance, and they were praised when answering correctly, thus contributing to the
team’s performance. Contrary to Fehr and Gaechter’s findings (2002), in this study
partners in general were not punished more when they made more errors and
thus contributed less to the overall team’s performance. AIBO was even punished
less than other partners. Because AIBO is a zoomorphic robot, not a humanoid,
we believe that people did not expect it to demonstrate a very good performance
on the task. This presupposition could be one reason why AIBO was praised more
and punished less. In addition, some of the participants said that they found AIBO
to be “very cute” and, therefore, did not want to punish it. The likeability ratings for
AIBO also show that participants were attracted to the robot a great deal.

Interestingly, the participants behaved differently towards a robot compared
to interacting with a computer. The perception and intelligence components of
robots are essentially computers, but the different embodiment of the computer
technology moves it into a different category. This is even more interesting since
only one participant reported in the interview to have believed to have played with
an actual robot. The observed differences in behavior towards robots and comput-
ers might have been motivated in the participants’ subconsciousness.

People were more forgiving when robots made errors compared to a human
or computer. The participants were more satisfied with the robot’s performance
than with the human’s performance. Also, praise and punishment behavior dif-
fered between robotic partners and human or computer. Yet, in the perception
of the participants, the partners were treated equally: When asked after having
played with a partner, participants gave the same frequency and intensity estima-
tion for all partners.

However, not all robots were treated the same. The machine-like robot Tron-
X was praised und punished as frequently and intensely as the human and the
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computer. On the other hand, the highly anthropomorphic robot Hanson PKD
was praised more than the human and the computer. The zoomorphic robot AIBO
was praised more, and was punished less.

For PKD, we believe that we might have found a weak effect of the Uncanny
Valley theory. PKD’ interface is very human-like, yet it is a robot. Knowledge that
this humanoid is really a robot creates a discrepancy that leads to uncertainty in
the subject as how to treat the humanoid robotic being. This hypothesis is support-
ed by the findings for likeability: PKD received a lot of very high likeability ratings,
but also a lot of very low likeability ratings. For all other robots, there was less un-
certainty. Because of the small sample size we cannot make a conclusive statement.
It also has to be acknowledged that the participants were only confronted with
pictures of robots and not with the real robots themselves. Our research budget
did not allow us to purchase a Tron-X and Hanson PKD. We are not aware of any
study that shows to what degree likeability ratings for robot pictures correlate with
likeability ratings given for real robots. However, we can still see differences within
the different pictures.

Second Experiment: The effect of presence and performance on praise and
punishment in human-robot teams

The first experiment showed that the procedure and measurements worked to our
satisfaction. However, the participants did not believe that they actually interacted
with a robot, We suspected that this might be caused by the fact that the partici-
pants only viewed pictures of the robots instead of the real robot. We were interest-
ed how strong the effect of the robot’s presence may be. We therefore adapted the
experimental design by limiting the partner condition to AIBO and humans and
by introducing the presence factor. The partner would either be in the same room
as the participant (present) or the partner would be in another room and interact
with the participant through the computer (absent). We expected that the pres-
ence of the robot would lead to a social facilitation effect. Social facilitation is the
hypothesized tendency for people to be aroused into better performance on simple
tasks through the presence of others (Zajonc, 1965). The task in our experiment,
counting and identifying objects, are certainly simple enough to be affected by the
social facilitation effect. The participants would be aroused to perform better and
hence give praises and punishments more often and at higher intensity levels.
This new design had the consequence that we were no longer able to include
the other robots as partners since we were unable to bring them into our labora-
tory. Obviously, it was also impossible to include a computer partner, since it was
impracticable to conduct the experiment without the presence of any computers.
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We would have not been able to implement the absent condition. In essence, we
changed our focus away from the anthropomorphism of the robot towards the
robot’s social facilitation effect. With this experimental design is was no longer
necessary to measure the human-likeness of the robot.

For the second experiment we defined the following research questions, based
on the lessons we learned from the first study:

1. Is AIBO praised and punished differently compared to a human partner?

2. Does the extent of taking advantage without own contribution (low vs. high
error rate) have an effect on the punishment behavior?

3. 'To what degree does the praise and punishment behavior depend on the part-
ner’s presence?

Design

The experiment was a 2 (partner) x 2 (error rate) x 2 (presence) design. The within
subject factors were partner (human or AIBO) and error rate (high: 40% or low:
20%) and the between subject factor was presence (physical partner present or
absent).

Measurements

The same measurements as in the first study were taken except the exclusion of hu-
man-likeness. Instead of using a six-point scale to rate the participants’ likeability
of the robots they were now simply asked which partner had been their favorite.

Participants

Twenty-five Master’s and Ph.D. students, mainly in Industrial Design and Com-
puter Science, participated in the experiment, 19 of them were male, and 6 were
female. The mean age of the participants was 24.9 years, ranging from 19 to 33.
They did not have any experience with robots other than having seen or read about
different robots in the media, which was checked through a pre-questionnaire.
Twelve subjects participated in the partner present condition, 13 took part in the
partner absent condition. Participants received a monetary reward for their par-
ticipation.
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Procedure

The participants were told that they would participate in a tournament. They
would form a team with either another human player or the AIBO robot. The
performance of both team players would equally influence the team score. To win
the competition both players had to perform well. This setup ensured that the per-
formance of the partner mattered to the participants.

The participants were then introduced to the task and examples were shown.
The participants were told that these tasks might be easy for humans but that it
would be much more difficult for the robot. To guarantee equal chances for all
players and teams, the task had to be on a level that the robot could perform.
Afterwards, a demonstration of AIBO’s visual tracking skill was given, using a
pink ball. Next, the participants would be seated. For the absent conditions the
participants would be guided to a second room and in the present conditions the
participants would sit in the same room. The rest of the experiment followed the
same procedure as in the first experiment.

Materials

For the experiment, we used the robot ERS-7 AIBO (Sony) and a picture of the
robot. In the robot present condition, AIBO was sitting on a table in front of a
computer screen so participants could see it when they entered the room. The par-
ticipants were seated back to back with AIBO (see Figure 8). In the robot absent
condition AIBO would not be present, instead a picture of AIBO was presented on
the computer screen in front of the participant. AIBO moved frequently, and the
noise of its motors was clearly audible for the participants. At times, AIBO would
also emit sounds. This way, the participants were constantly reminded of AIBO’s
presence. In the AIBO-absent condition, a picture on the computer screen would
symbolize AIBO. A similar setup was used for the human condition. The human
partners would either sit back to back in the same room or the two participants
would sit in different rooms.

For the tasks, 120 pictures with one or several objects on them were used. Ex-
amples are shown in Figure 3. The objects had to be either named or counted.

Results

We calculated a 2 (partner) x 2 (error rate) x 2 (presence) ANOVA with partner
and error rate as within subjects factors and presence as between subjects factor.
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Figure 8. Setup of the experiment

To get comparable numbers across the error conditions, the actual number of

praises or punishments given by a participant was divided by the possible number
of praises or punishments in the condition. This gives a number between 0 and 1.
Zero means that no praises or punishments were given and 1 means that praises
or punishments were given every time. Both human and robotic partner received
praise and punishment, i.e. subjects used the chance to give extra plus or minus
points.

AIBO received more praise than the human partner (F(1,23) =7.056, p=0.014).
Figure 9 shows the frequency of praise in the partner and error rate conditions.
Differences in intensity of praise were not significant. There was no effect of error
rate or presence. There were no differences in frequency or intensity of punish-
ment.

After each trial subjects were asked for an estimation of their praise and
punishment behavior. For the estimation of frequency of praise, we found an ef-
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Figure 10. Perceived frequency of praise. 0 means correct estimation, a negative value is
an underestimation and a positive value is an overestimation.

fect of partner (F(1, 23)=4.957, p=0.036) and an effect of error (F(1,23)=5.941,
p=0.023). Participants underestimated their praises in low error rate conditions,
and overestimated it in high error conditions. Estimations for AIBO were lower
than for the human partner (see Figure 10). There was no effect of presence on the
frequency of praise. There were no differences in the estimations of intensity of
praise, frequency of punishment and intensity of punishment.

After each trial subjects gave an estimation of how many errors they them-
selves and the partner made. For the estimation of partner performance, we found
an effect of error (F(1, 23)=23.633, p<0.001). For low error rates, partner perfor-
mance was slightly overestimated, for high error rates the partner’s performance
was underestimated (see Figure 12). There was no effect of presence. There were
no differences in the estimation of their own performance.
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Figure 12. Dissatisfaction with partner’s performance: 1 is very satisfied, 5 is very dis-
satisfied.

After playing the game with one partner, participants were asked how satisfied
they were with their own and the partner’s performance. Subjects were more satis-
fied with ATBO’s performance than with the human partner’s performance (F(1,
23)=4.946, p=0.036) (see Figure 12). There was no effect of presence. There were
no differences in the satisfaction ratings for their own performance.

After the game was over, subjects were asked who their favorite partner was
and which partner they thought contributed more to their team’s performance,
Twelve participants named AIBO as their favorite partner and 13 participants
chose the human partner. Thirteen participants considered AIBO to be the high-
est scorer while 12 participants considered the human partner to be the highest
scorer. There were no differences between present and absent condition.
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At the end of the experiment, subjects were asked informally if they believed
that the robot could do the task, and if they believed that they played with a real
robot. Only 5 subjects believed that they played with a real robot. Sixteen subjects
believed that the robot was able to do the task. There were no differences between
present and absent condition.

Conclusion

Collaboration may become the most important form of interaction between hu-
mans and robots in the future. The UN report (2005) clearly indicated that service
robots are expected to become the most common robots in our society. These
robots have a service to perform and most of them require the collaboration of
their owners. Humans frequently use praises and punishments to influence the
behaviors of children and pets towards a desired direction. It is likely that humans
will use the same strategies with their robots and hence robots need to pay close
attention to praises and punishments given by their owners.

The first study attempted to cast some light onto the role of praise and punish-
ment in human-robot collaboration. The first study may not have much statistical
strength, but it made us doubt our assumption that screen-based representations
can simulate cooperation with robots. The robots’ embodiment may be the sa-
lient feature that distinguishes them from virtual avatars. We therefore adapted
our experiment to test what influence the real robot being in the room with par-
ticipant had on the participants’ praise and punishment behavior compared to the
robot being in a different room and thereby being only represented on the screen.
Our improved methodology increased the number of participants that informally
stated that they really believed to have played with a robot. However, this informal
method does have limitations, since asking somebody if he or she ‘really believed’
something to be true implies that there is considerable doubt present. It is there-
fore not surprising that many participants replied in the informal post-interview
that they did not really believe to have interacted with a robot. During the inter-
action they might very well have believed, but upon critical reflection afterwards
they may have come to this different judgment. Given that almost half of the par-
ticipants chose AIBO to be their preferred partner suggests that they have been
aware of its presence and role in the interaction. It has to be acknowledged that the
number of participants in the second study was limited. The results of the statisti-
cal analysis need to be considered in relation with this possible limitation.

Peoples satisfaction with their own performance and with others’ perfor-
mance largely depends on their expectations. Apparently, the participants in this
study did not expect too much of the AIBO robot and were positively surprised by
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its performance. After the experiment, 16 participants believed that the tasks were
feasible for the robot, even though it would be technically impossible at this point
in time. They praised AIBO more than the human player and were more satisfied
with its performance. The participants were not aware of their bias, since they con-
stantly underestimated their number of praises for AIBO compared to the number
of praises for a human partner. Also, they did punish AIBO just as much as a hu-
man partner, which had been previously described for human-human interaction
(Fehr & Gaechter, 2002; Ferdig & Mishra, 2004 ). The surpassing of the expectation
appears to influence only praises, but not punishments. It can be speculated that
robot developers should choose for an embodiment that leads users to underesti-
mate the robot’s performance over an embodiment that leads the user to overesti-
mate the robot’s performance. From this perspective, it appears to have been a wise
choice to setup the highly human-like Geminoid HI-1 android predominantly as
a videoconference system. The realistic appearance of the android is thereby ac-
companied with human intelligence.

More and more robots use feedback from the user to adapt their behavior or
the behavior of the environment. A typical application area is the ambient intel-
ligent home, which tries to adapt to its inhabitants (Aarts, Harwig, & Schuurmans,
2001). The inhabitants can interact with their smart home through the iCat robot
(Breemen et al., 2003). Our results suggest that it might be beneficial to focus the
analysis of the users’ behavior on praises of the robot rather than on punishments,
since the relationship between the users’ expectations and the robots performance
appears to influence praises more than punishments. It would be an interesting
research topic to investigate if this effect is limited to robots or if it also applies to
computers, in particular screen based characters.

Robots may also offer a unique opportunity to relieve frustration. Bushman et
al. (2001) proposed that people may actually feel better after taking part in some
form of aggressive behavior. Participants considered hitting a punch bag to relieve
anger as an enjoyable experience. The enjoyment was then a good predictor for
the amount of aggressive behavior at a later stage in the experiment (Bushman,
1999). This shows that acting out aggressive behavior might not necessarily help
in reducing subsequent anger, but it may still yield a positive experience. Unlike
people, robots do not feel pain or emotional insult. This may reduce the guilt felt
when insulting a real person and may make robots an attractive entity for releas-
ing stress.

The robot’s presence did not appear to have much influence on our measure-
ments. The robot did not appear to have caused a social facilitation effect. This
insignificance of presence might strengthen the position that using screen repre-
sentations of the robots could simulate experiments with robots. However, in our
study the participants only interacted with their partner through a computer. Only

© 2008. John Benjamins Publishing Company
All rights reserved



The carrot and the stick

101

five participants actually believed that they really played with the robot. While this
is some progress compared to the first experiment, if is still below our expecta-
tions. Additional research would be necessary to investigate what happens if the
participants would interact with the robot directly. The effect of the robot’s pres-
ence might be higher under such conditions as it was previously shown (Bartneck,
2002).
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